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Dynamic crosstalk between the embryo and mother is crucial during implantation. Here, we comprehensively profile the single-cell tran-
scriptome of pig peri-implantation embryos and corresponding maternal endometrium, identifying 4 different lineages in embryos and 13
cell types in the endometrium. Cell-specific gene expression characterizes 4 distinct trophectoderm subpopulations, showing development
from undifferentiated trophectoderm to polar and mural trophectoderm. Dynamic expression of genes in different types of endometrial cells
illustrates their molecular response to embryos during implantation. Then, we developed a novel tool, ExtraCellTalk, generating an overall
dynamic map of maternal-foetal crosstalk using uterine luminal proteins as bridges. Through cross-species comparisons, we identified a
conserved RBP4/STRA6 pathway in which embryonic-derived RBP4 could target the STRA6 receptor on stromal cells to regulate the
interaction with other endometrial cells. These results provide insight into the maternal-foetal crosstalk during embryo implantation and
represent a valuable resource for further studies to improve embryo implantation.
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INTRODUCTION

Embryo implantation is critical to a successful pregnancy, and
approximately 75% of pregnancy losses result from implantation
failure (Wilcox et al., 1988). Successful implantation depends on
well-orchestrated crosstalk between the embryo and maternal
uterus, whereby the timely development of an embryo is
synchronized with the receptive endometrium (Dey et al.,
2004). Studies have shown that defects in maternal-foetal
crosstalk contribute to a wide range of pregnancy disorders,
including preeclampsia, recurrent pregnancy failure, and even
infertility (Arck and Hecher, 2013; Zhu et al., 2024). With the
advancement of modern medicine, in vitro fertilization and
embryo transfer have made significant progress towards over-
coming infertility, but the implantation rate is low due to the
inability to establish proper crosstalk between the embryo and
mother, greatly limiting the extensive application of this
technology (Carson and Kallen, 2021; Corachán et al., 2021).
Therefore, a comprehensive understanding of maternal-foetal
crosstalk is of great importance for investigating the mysteries of
embryo implantation to address this global reproductive problem.
Due to experimental difficulties and ethical restrictions, the

current understanding of human maternal-foetal crosstalk is
rooted mainly in in-vitro models of human cells and animal
studies, particularly in mice. Several recent studies have revealed

cellular crosstalk at the early maternal-foetal interface by
collecting human decidua tissue and utilizing developed single-
cell sequencing techniques (Suryawanshi et al., 2018; Vento-
Tormo et al., 2018). However, these studies still have not fully
elucidated the dynamic crosstalk between embryo and the
mother during embryo implantation. For the specific purpose of
this study, in vitro cell experiments are not suitable for studying
the embryo-maternal crosstalk during implantation. Further-
more, a single animal model, such as only mice, can limit our
understanding of unique perspectives on the real regulatory
mechanisms of embryo implantation due to differences between
species, thus requiring additional animals for the study. In
addition to mice, another excellent animal model for human
medicine is pigs, because pigs are similar to humans in terms of
anatomy, physiology, organ size, and cell cycle characteristics
(Jin et al., 2022; Lunney et al., 2021; Zhu et al., 2022), and pig
embryos are thought to be closer to humans than rodents in pre-
gastrulation development (Ramos-Ibeas et al., 2019), which is
usually the initial stage of embryo implantation.
After fertilization occurs, the pig embryo moves from the

oviduct into uterine lumen on approximately day 2 of pregnancy
and develops into a blastocyst by day 5 of pregnancy. The
blastocyst hatches from the zona pellucida on days 6 to 7 of
pregnancy and further expands. Subsequently, the pig embryo
develops into the peri-implantation stage of embryo implanta-
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tion, and its morphology undergoes significant changes, elongat-
ing rapidly from the 2 to 6 mm spherical embryo on day 9 of
pregnancy to the 150 to 200 mm long filamentous embryo on
day 12 of pregnancy. Eventually, the elongated embryo contacts
the maternal endometrium on days 15–16 of pregnancy, ending
the free state of the embryo in the uterine lumen (Bazer and
Johnson, 2014; Mattson et al., 1990). On day 12 of pregnancy, a
large amount of estrogen is synthesized and released by the pig
embryo, and the maternal endometrium response is stimulated
by estrogen. Accompanied by various cytokines and signals
between embryos and the mother, abundant maternal-foetal
crosstalk induces a gradual transition of the endometrium from
non-receptive to receptive, which is considered a critical stage for
maternal recognition of pregnancy (Bazer et al., 2009b; Geisert et
al., 2017).
Therefore, in this study, we performed single-cell sequencing

analysis of embryos and corresponding endometrial tissue on day
9 of pregnancy (the initial stage of embryo implantation) and day
12 of pregnancy (the stage of maternal pregnancy recognition
with abundant maternal-foetal crosstalk). We developed a novel
tool, ExtraCellTalk, that comprehensively analyzes the crosstalk
between embryos and the maternal uterus during implantation,
mediated by uterine luminal proteins of the same stages.
Subsequently, through cross-species comparisons of pigs, mice,
and humans, we identified some features conserved across
species during maternal-foetal crosstalk. These analyses shed
new insights into maternal-foetal crosstalk during implantation
and refine the understanding of the molecular mechanisms of
embryo implantation, thereby providing critical resources for
future studies to develop effective strategies to improve the ability
of clinicians to treat infertility, to prevent pregnancy loss and to
develop novel contraceptive approaches.

RESULTS

Single-cell sequencing delineates lineage segregation in
peri-implantation pig embryos

To elucidate the crosstalk between embryos and the maternal
uterus during implantation, we first collected peri-implantation
pig embryos on days 9 and 12 of pregnancy and performed
single-cell transcriptome sequencing (Figure 1A and B). We
identified epiblast (EPI), primitive endoderm (PrE) and trophec-
toderm (TE) cells in pig peri-implantation embryos using marker
genes, including OCT4 and IGFBP2 for EPI, GATA4 and GATA6
for PrE, and GATA2 and GATA3 for TE (Figure S1A in Supporting
Information). Subsequently, we further determined the EPI, PrE
and TE lineages in pig embryos using previously defined
embryonic germ layer gene signatures (Zhi et al., 2022) (Figure
1C). The three lineages occupied distinct regions in the
unsupervised clustered UMAP space, with no clustering bias in
embryos on days 9 and 12 of pregnancy (Figure 1D; Figure S1B
in Supporting Information). In addition to these three embryonic
lineages, we found another lineage that occupies a large position
in UMAP (Figure 1D). Notably, this lineage did not express
lineage-specific markers of early embryos (Figure 1E). Cell-state
trajectory analysis suggested that the lineage could potentially
transition into three other embryonic lineages (Figure 1F). While
evaluating the three lineage scores for all embryonic cells, we
found that the lineage was in an intermediate transitional state
among the three embryonic lineages, which we named the

intermediate (IM) lineage (Figure 1D; Figure S1B and C in
Supporting Information). Indeed, the IM lineage is ubiquitous in
induced blastocysts in both humans and mice, which suggests
that it may be a transitional state germ layer lineage specification
(Li et al., 2019; Liu et al., 2021b; Wu et al., 2024; Yu et al.,
2021). Using protein immunofluorescence, we validated lineage-
specific marker genes in peri-implantation embryos and visua-
lized the spatial distribution of these cells in situ. We found the
expression of lineage-specific markers in embryo corresponding
positions, but some cells did not express these markers,
confirming the presence of the IM lineage we identified (Figure
1H–M).
Based on gene differential expression analysis, we highlighted

the most significantly enriched genes for each lineage (Figure S1E
in Supporting Information). We performed GO enrichment and
KEGG pathway analysis on the top 50 differentially expressed
genes identified in each lineage, and the results showed
consistent lineage-specific biological function (Figure S2 in
Supporting Information), with PrE enriched for endoderm
development, TE for negative regulation of actin filament
polymerization and estrogen signalling pathway, and EPI for
signalling pathways regulating pluripotency of stem cells.
Interestingly, we found that those differential genes identified
by the intermediate transition state lineage IM were involved in
only some metabolic processes, including protein, lipid, and
energy metabolism. Nevertheless, they had a higher transcrip-
tional complexity than other lineages (Figure S1F and G in
Supporting Information), suggesting that lineage transitions may
require precise and complex regulation and abundant physiolo-
gical metabolic activities to provide them with the necessary
energy and substances. With the progress of development, EPI
can gradually differentiate into ectoderm and mesoderm, and the
embryo transitions from three germ layers into a state of 4 germ
layers (Rossant and Tam, 2022). We found that pig EPIs on days
9 and 12 of pregnancy expressed some mesoderm markers, such
as HAND1, VIM and BMP4, and subsequent analysis indicated
that EPIs at these stages may have initiated differentiation into
mesoderm and ectoderm (Figure S3 in Supporting Information).
We compared the pseudo-bulk data generated from single-cell

transcriptomes with our published bulk transcriptome data of the
same stages (Zang et al., 2021) and found high concordance
(Figure 1G). Next, we compared our data with previously
published single-cell transcriptomic data from pig embryos (Liu
et al., 2021a; Zhi et al., 2022). For the same pregnancy stages,
our data clustered well with those of Zhi et al. but varied
dramatically from those of Liu et al. (Figure S4A in Supporting
Information), which may be due to different sampling methods.
Liu et al. isolated embryonic lineages by mechanical manipula-
tion, whereas we and Zhi et al. both obtained single cells by tissue
enzymolysis. Furthermore, since EPI is relatively conserved
across mammalian species and an important source of embryonic
stem cells (Brons et al., 2007), we also compared data from
mouse and human embryos at different developmental stages
(Mohammed et al., 2017; Zhou et al., 2019). We found that pig
EPI on days 9 and 12 of pregnancy was highly correlated with
mouse embryonic day 4.5 (E4.5) and E5.5 EPI (Figure S4B in
Supporting Information). Similar to previous studies (Liu et al.,
2021a), pig EPI was more similar to human E8–E12 EPIs (Figure
S4C in Supporting Information). To minimize bias from stage
mismatches across species, we first compared EPI development
between pigs and E4.5 and E5.5 mice based on the results of
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correlation analyses. Heatmap of differentially expressed genes
revealed obvious highly expressed genes in pigs and mice (Figure
S4D in Supporting Information). GO enrichment and KEGG
pathway analyses showed that highly expressed genes in mice
were enriched in biological processes such as cell cycle and
protein metabolism. In contrast, genes highly expressed in pigs
were enriched in cell migration and immune response (Figure
S4E and F in Supporting Information). Next, we compared EPI
development in pigs and humans (E8–E12). Interestingly, some
genes that were highly expressed in pigs compared with mice
were also found in humans (Figure S4G in Supporting Informa-

tion). GO enrichment and KEGG pathway analyses also revealed
that highly expressed genes in humans were involved in cell cycle
and metabolism processes, while those in pigs related to some
RNA processes and hormone synthesis (Figure S4H and I in
Supporting Information). Overall, EPI in pig embryo peri-
implantation stage more closely resembles the three germ-layer
developmental stages of mouse and human embryonic develop-
ment, which precedes gastrulation (Niakan et al., 2012). This
again demonstrates the conservation of embryonic development
during implantation even though the implantation pattern differs
widely between species, with human and mouse embryos

Figure 1. Single-cell transcriptomic profiling of pig peri-implantation embryos. A, Experimental workflow for pig embryos scRNA-seq. B, Representative images of pig embryos
used in this study. Arrows showing spherical embryo on day 9 and filamentous embryo on day 12 of pregnancy, respectively. C, Per-cell expression score for EPI, PrE, and TE
signatures on UMAP of pig embryos scRNA-seq dataset. D, Cells derived from peri-implantation embryos are coloured by lineage score: EPI (purple), PrE (red), TE (blue) and IM
(green). E, Dot plots indicating the expression of well-known markers in each embryo lineage. F, Pseudo-time analysis of RNA velocity in pig embryo cells, arrows predicting
directions of the cell trajectories. G, Correlation analysis of merged embryo cells compared with our previously published bulk embryo transcriptomes (Zang et al., 2021). H–M,
Representative immunofluorescence costaining images of POU5F1/OCT4 (EPI), GATA6 (PrE), GATA3 (TE) and F-actin in pig embryos on day 9 of pregnancy. All scale bars,
100 μm.
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implanting in uterine wall and pig embryos apposed to the
maternal endometrium (Turco and Moffett, 2019).

Development of the trophoblast lineage

Because embryo-maternal crosstalk exists mainly between the TE
and maternal uterus during implantation, our downstream
analysis was focused mainly on the TE lineage. The trophoblasts
of pig embryos on day 12 of pregnancy could synthesize a large
amount of oestrogen, which is considered an important signal for
maternal-foetal pregnancy recognition (Bazer and Johnson,
2014). By analyzing the key genes of estrogen synthesis in these
TE cells, we found their expression levels were visibly different,
suggesting that these TE cells may have distinct subpopulations
(Figure S5A in Supporting Information). Therefore, we reclus-
tered the obtained TE lineage, visualized all cells using tSNE, and
identified four distinct subpopulations (Figure 2A). Previous
studies reported that TE cells can specifically develop into polar
and mural TE during embryogenesis (Petropoulos et al., 2016).
By examining the expression of polar and mural TE canonical
markers in TE cells and calculating a signature score for each TE
cell (Liu et al., 2021b), we found that only three TE subpopula-
tions expressed these markers (Figure 2B; Figure S5B in
Supporting Information). Notably, these 3 subpopulations were
abundantly present on day 12 of pregnancy (Figure 2C and D),
while another subpopulation that was in embryos mainly on day
9 had dramatically different characteristics (Figure 2E; Figure
S1D in Supporting Information). Subsequently, we identified
differentially expressed genes in distinct TE subpopulations
(Figure S5C and D in Supporting Information) and performed
GO enrichment and KEGG pathway analysis. We found that in
addition to one mural TE subpopulation enriched in some
inflammatory processes, such as positive regulation of inter-
leukin-1 production and the IL-17 signalling pathway, the other
three TE subpopulations are involved in numerous metabolic-
related regulatory processes (Figure 2F; Figure S5E in Supporting
Information). Based on the features obtained, we named the
identified four TE subpopulations undifferentiated TE (udTE),
polar TE (pTE), inflammatory mural TE (imTE), and metabolic
mural TE (mmTE) (Figure 2A). In addition to oestrogen, pig
embryos on day 12 of pregnancy synthesize a large amount of
IFNG (Figure S5F and G in Supporting Information), which is
believed to regulate maternal immune responses to establish
pregnancy (McLendon et al., 2020). Unlike humans or rodents,
pig peri-implantation embryos undergo a dramatic elongation of
the TE (Bazer and Johnson, 2014), causing the embryo to
transition from a spherical embryo on day 9 of pregnancy to a
filamentous embryo on day 12 of pregnancy (Figure 1B). The
elongation does not involve cellular hyperplasia, but is caused by
alterations in microfilaments and junctional complexes of TE
(Bazer and Johnson, 2014; Mattson et al., 1990). Among these
four populations of TE cells, only imTE subpopulation was
enriched for the regulation of the actin cytoskeleton (Figure 2F),
suggesting that the TE subpopulation may regulate the
morphological transformation of embryos at this stage. Con-
sidering the transcriptomic differences between polar TE and
mural TE, we analyzed the molecular characteristics of two large
TE subpopulations in pigs (Figure 2G and H). These differentially
expressed genes were significantly enriched in some metabolic
processes and the regulation of supramolecular fiber organization
in actin cytoskeleton, further revealing that pTE and mTE play

different roles in embryonic development and morphological
transformation during implantation.
Dynamic gene expression of different TE subpopulations was

traced from days 9 to 12 of pregnancy (Figure S6 in Supporting
Information). The results showed that there were obviously
changes in gene expression during embryo implantation among
different TE subpopulations, but a considerable number of genes
were still shared during the process. For example, one of the
critical pro-inflammatory cytokines, IL1B2, was highly expressed
on day 9 of pregnancy in all four TE subpopulations and is
necessary for morphological transition in pig embryos (Whyte et
al., 2018). To confirm the developmental trajectories of these TE
subpopulations, we performed cell-state trajectory analysis and
pseudotime analysis. Consistent with our hypothesis, the udTE
subpopulation from embryos on day 9 of pregnancy could
transdevelop into pTE and mTE (including imTE and mmTE)
(Figure 2I and J; Figure S5H in Supporting Information).
Additionally, we identified some genes potentially regulating
the transdevelopment of the udTE subpopulation, including the
unrecognized functional genes ENSSCG00000029160 and
HES1, which may regulate udTE to pTE, and SGPP1 and
HSP90B1, which may regulate udTE to mTE (Figure S5I and J in
Supporting Information). We compared the stem cell scores of the
different TE subpopulations. Interestingly, we found that the stem
cell scores of the transitioned pTE and mTE subpopulations were
higher than those of the pre-transitioned udTE subpopulation
(Figure 2K and L), which seems to contradict the state of stem cell
differentiation, and the more primitive udTE should have a
higher stem cell score. Transdevelopment of TE cells is also
orchestrated by a sophisticated network of transcription factors
(TFs); therefore, we evaluated the activities of the TF regulatory
network in each TE subpopulation using pySCENIC (Figure 2M
and N). We found that PBX1 and JUNB were highly active and
specifically expressed in the regulatory network of the pTE
subpopulation, suggesting that they may be the important TFs
regulating this transdevelopmental pathway (Figure 2O and P).
The TFs identified by the other three TE subpopulations also had
high activity levels and expression levels within their subpopula-
tions, showing potential regulation of corresponding transdeve-
lopmental pathways (Figure S5K–M in Supporting Information).
Furthermore, previous studies have shown that epigenetic
modifications are essential in early embryonic development
(Smith and Meissner, 2013). We found that the expression of
DNMT1, a key gene for maintaining DNA methylation (Lyko,
2018), did not change significantly in the four TE subpopula-
tions, whereas the expression level of DNMT3B, a key gene for de
novo DNA methylation synthesis, was significantly increased in
the three transitioned TE populations, indicating that the
transdevelopment of TE cells requires the coparticipation of
epigenetic modifications including DNA methylation modifica-
tions (Figure 2Q and R).

Cellular heterogeneity in the peri-implantation
endometrium

To characterize the dynamic intrauterine crosstalk between
embryos and the maternal uterus during implantation, we need
to focus on the endometrium at this stage in addition to the
developing embryo. Therefore, we collected corresponding
endometrial tissues and performed single-cell transcriptome
sequencing (Figure 3A). After unbiased clustering and dimen-
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sionality reduction, these endometrial cells were divided into 13
different endometrial cell populations using some typical marker

genes, including 6 populations of immune cells and 7 populations
of nonimmune cells (Figure 3B; Figure S7A and B in Supporting

Figure 2. Dynamic development of the embryonic trophoblast during implantation. A, tSNE visualization of TE subpopulations. TE cells are subdivided into udTE, pTE, imTE and
mmTE. B, Violin plots showing the expression level of marker genes in distinct TE subpopulations. C, The distribution of TE subpopulations in embryos on days 9 and 12 of
pregnancy. D, The proportion of each TE subpopulation in embryos on days 9 and 12 of pregnancy. E, Correlation analysis of different TE subpopulations. F, KEGG pathway
analysis of differentially expressed genes in TE subpopulations. G, Volcano plots showing differentially expressed genes between pTE and mTE. H, GO enrichment and KEGG
pathway analysis of differentially expressed genes between pTE and mTE, showing the top 15 enriched terms for each category. I, Pseudo-time analysis of RNA velocity in TE cells,
arrows predicting directions of the pseudo-time. J, Monocle2 prediction of TE developmental trajectory with pseudo-time, with cells colored by different cell subpopulations to
which they belong. K, Per TE cell expression score for stemness signature on tSNE. L, Stemness scores for each TE subpopulation by violin plots. M, Heatmap displaying
normalized activity of top 10 TF regulons in each TE subpopulation predicted by pySCENIC. N, Heatmap displaying relative expression levels of the top 10 TF genes. O and P,
UMAP plots highlighting the activity (M) and expression levels (N) of PBX1 and JUNB in pTE. Q and R, UMAPs showing expression levels of DNA methyl modification key genes
DNMT1 (O) and DNMT3B (P) in TE cells.
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Figure 3. Characterization of different cell types in pig peri-implantation endometrium. A, Schematic representation of the pig endometrium scRNA-seq analysis. B, UMAP of
cells coloured by associated cell types in pig endometrium. B, B cells; EC, endothelial cells; M, macrophages; NK, natural killer cells; NKT, natural killer T cells; PC, plasma cells;
PV, perivascular cells; SC, stromal cells; T, T cells. C, Stromal and immune scoring of endometrial non-immune and immune cells. D, Dot plots showing the expressed and
coexpressed classical marker genes of each cell type. E, Correlation analysis of merged endometrium cells compared with published bulk transcriptomes (Wang et al., 2016) from
peri-implantation endometrium. F, Representative immunofluorescence costaining images of nonimmune cells in pig endometrium on day 9 of pregnancy. COL1A1, stromal cells;
EPCAM, epithelial cells; PECAM1, endothelial cells. Scale bar, 100 μm. G, Representative immunofluorescence costaining images of immune cells in pig endometrium on day 9 of
pregnancy. CD68, macrophages; CD79A, B cells; CD1D, NKT cells; CD3D, NK and T cells. Scale bar, 100 μm. H–L, Immunohistochemistry of differential genes in diverse
endometrial cells on day 9 of pregnancy, stained for ANXA4 (H, LE and GE cells), ACTA2 (I, PV1 and PV2 cells), FOXJ1 (J, ciliated epithelial cells), GATA3 (K, NKT, NK and T
cells), and VEGFD (L, SC1 and SC2 cells). Scale bar, 100 μm.
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Information). To validate the identified endometrial cell popula-
tions, we calculated stromal and immune cell scores for different
cell types and found that the scores were consistent with the
corresponding cell population types (Figure 3C). Moreover, the
canonical markers were specifically expressed in the different
types of endometrial cells we identified, demonstrating the
accuracy of endometrial cell types (Figure 3D). Then, we
performed gene differential expression analysis on these distinct
endometrial cells and identified some novel cell type-specific
marker genes (Figure S7C in Supporting Information). Based on
the GO enrichment and KEGG pathway analysis of the top 50
differentially expressed genes for each cell type, we found that
different types of cells play diverse biological functions in the peri-
implantation endometrium (Figure S8 in Supporting Informa-
tion). Notably, endometrial type 1 stromal cells were enriched for
several biological processes related to reproductive system
development. Similar to the embryos, the pseudobulk data of
endometrial cells were highly concordant with previously
published bulk endometrium data on days 9 and 12 of pregnancy
(Wang et al., 2016) (Figure 3E). By analysing the similarities of
different cell populations in two stages of the endometrium, we
found that except for NK, M and B cells, the differences in other
cells were relatively small (Figure S7D in Supporting Informa-
tion), implying that these immune cells may may be involved in
maternal-foetal pregnancy recognition.
To locate the distinct endometrial cell populations in situ, we

used immunofluorescence for selected canonical markers on
serial sections of the uterus. These experiments confirm that
EPCAM+ epithelial cells and PECAM1+ endothelial cells are
located between COL1A1+ stromal cells, while various immune
cells are scattered in the endometrium (Figure 3Fand G; Figure
S9A and B in Supporting Information). In addition, we visualized
the localization of some identified novel markers on uterine
sections using immunohistochemistry (Figure S9C and D in
Supporting Information). Consistent with the results displayed by
canonical markers, these novel markers were also expressed on
corresponding cells (Figure 3H–L; Figure S9E–I in Supporting
Information). Interestingly, a typical marker of ciliated epithe-
lium, FOXJ1, was not expressed in the luminal epithelium (LE) of
pigs as it was in humans and rodents but was expressed in
glandular epithelium (GE), where it may play a different role
(Figure 3J; Figure S9G in Supporting Information).

Endometrial response to embryo during implantation

Next, we traced the dynamic expression pattern of different
endometrial cell types between days 9 and 12 of pregnancy. LE
and GE exhibited the most differentially expressed genes (Figure
4A), consistent with their importance during embryo implanta-
tion (Bazer et al., 2009a). Among them, genes differentially
expressed in LE were significantly enriched in biological processes
such as placental development and cell migration regulation
(Figure 4B and C), indicating that it is remodeling to form a
receptive endometrium for embryo implantation (Sun et al.,
2022). Interestingly, we found that these genes were enriched in
the labyrinthine layer development (Figure 4C), which is a vital
event in the development of mouse placenta (Ochiai et al., 2022),
showing that even if there are large differences between species,
underlying conservation is still in endometrium and placenta
development during implantation. Two types of cell subpopula-
tions were obtained by reclustering LE, with marker genes

differentially expressed (Figure 4D and E). LE1 mainly carried out
some activities related to energy metabolism, while LE2 was
involved in cell migration and localization (Figure 4F), which
may be an important functional cell subpopulation during
implantation. The genes dynamically expressed in GE between
days 9 and 12 of pregnancy were enriched in the biosynthesis
and metabolic processes of peptides (Figure 4G and H), which is
consistent with the large number of substances secreted by GE at
this stage to establish uterine receptivity and embryo implanta-
tion (Gray et al., 2001). Likewise, GE could be divided into two
cell subpopulations (Figure 4I and J). It is worth noting that GE1
performed the secretory function of GE, and the GE2 subpopula-
tion is the ciliated GE identified above (Figure 4K). In the analysis
of the identified important endometrial type 1 stromal cells, we
found that differential genes in SC1 between days 9 and 12 of
pregnancy were enriched in the biological process of innate
immune response (Figure S9J and K in Supporting Information).
Some chemokines, such as CXCL10, which was upregulated on
day 12 of pregnancy, could recruit immune cells (Du et al.,
2014). NK cells respond to the recruitment and jointly establish a
maternal immune-tolerant microenvironment to promote em-
bryo implantation and pregnancy (Figure S9L and M in
Supporting Information) (Albini and Noonan, 2021; Du et al.,
2014).

Bidirectional functional mechanisms of uterine luminal
free proteins and extracellular vesicle encapsulated
proteins

Previous studies have shown that multiple cytokines and
extracellular vesicles in the microenvironment of the maternal-
foetal interface mediate precise crosstalk between the embryo and
mother during pregnancy (Du et al., 2014; Machtinger et al.,
2016). During the implantation process of pig embryos, since
these embryos are free in the uterine lumen, the crosstalk
between embryos and the mother could be mediated by the
contents in the uterine lumen (Bazer and Johnson, 2014;
Kaczmarek et al., 2020). Our recent study found that there are
abundant proteins in the uterine lumen during implantation of
pig embryo implantation and these proteins exist in two different
forms, one free in the uterine lumen and the other encapsulated
by extracellular vesicles (He et al., 2022; Hong et al., 2023).
Therefore, we comprehensively compared data on these two
different forms of proteins to evaluate their bidirectional
functional mechanisms in maternal-foetal crosstalk.
In this study, we analyzed free and extracellular vesicle-

encapsulated proteins identified by iTRAQ proteomics technology
from pig uterine lumen on days 9 and 12 of pregnancy. Based on
the comparison of total identified proteins, we found that not all
proteins were specifically free from the uterine lumen or
encapsulated by extracellular vesicles, and a considerable
number of proteins coexisted in both forms (Figure 5A). We first
analysed changes in the abundance of proteins coexisting with
free proteins and the extracellular-vesicle-encapsulated proteins
in the uterine lumen in two stages (Figure 5B; Figure S10A in
Supporting Information). Since day 9 is at the beginning of the
pig embryo implantation, and day 12 is a critical stage for
maternal pregnancy recognition (Bazer et al., 2009b; Geisert et
al., 2017). Thus, compared with those on day 9 of pregnancy,
proteins whose abundance was upregulated on day 12 of
pregnancy may be involved in regulating embryo implantation.
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Figure 4. Dynamic gene expression of pig endometrial cells during implantation. A, Bar chart counting the number of differentially expressed genes for each endometrial cell
type between days 9 and 12 of pregnancy. B, Volcano plots showing differentially expressed genes in LE between days 9 and 12 of pregnancy. C, GO enrichment and KEGG
pathway analysis of differentially expressed genes in LE, showing the top 15 enriched terms for each category. D, tSNE visualization of LE subpopulations and distribution of LE
subpopulations in the endometrium on days 9 and 12 of pregnancy. E, The distribution of EPCAM, ND4, and CCN1 expression in LE cells on tSNE. F, GO enrichment analysis of
differentially expressed genes in LE subpopulations. G, Volcano plots showing differentially expressed genes in GE between days 9 and 12 of pregnancy. H, GO enrichment and
KEGG pathway analysis of differentially expressed genes in GE. I, tSNE visualization of GE subpopulations and distribution of GE subpopulations in the endometrium on days 9 and
12 of pregnancy. J, The distribution of EPCAM, RPL6, and FOXJ1 expression in LE cells on tSNE. K, GO enrichment analysis of differentially expressed genes in GE subpopulations.
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For example, the inflammatory proteins S100A8 and S100A9
can regulate the expansion of myeloid-derived suppressor cells,
which are vital to maintaining immunotolerance to the semi-
allogeneic foetus for a successful pregnancy (He et al., 2018; Shi
et al., 2021). Correspondingly, proteins that are free in the
uterine lumen or encapsulated by extracellular vesicles perform
their respective characteristic functions (Figure 5C; Figure S10B
in Supporting Information). Due to the special vesicle structure of
extracellular vesicles, most of their proteins are located in various
biological membranes, while most of the free proteins are secreted
proteins (Figure 5D and E). Subsequently, we performed GO
enrichment and KEGG pathway analysis of the grouped proteins
(Figure 5F and G). Unsurprisingly, the extracellular vesicle-
specific proteins were enriched in several biological processes,
such as vesicle-mediated cellular transport, consistent with their
own functional mechanisms. Unique free proteins in the uterine
lumen are involved in functional processes such as immune
responses that contribute to maternal immune tolerance.
Notably, we found enrichment in the wounding response process
whose outcome seems to coincide with the endometrial
remodelling required for this stage.
Overall, considering the functional mechanism of secreted

proteins and extracellular vesicles (Colombo et al., 2014; Weis
and Kobilka, 2018), we hypothesize (i) that extracellular vesicles
in the uterine lumen could be secreted by embryos or

endometrium, and transport the proteins encapsulated in them
into the endometrium or embryos respectively, followed by
targeting of the intracellular receptor to perform biological
functions, and (ii) that free proteins in the uterine lumen could be
secreted by embryos or endometrium to perform their biological
functions by directly binding to receptors on the surfaces of
endometrial cells or embryonic trophoblasts (Figure 5H).

Intrauterine crosstalk predicted by ExtraCellTalk

To systematically test the above hypotheses and characterize the
dynamic crosstalk between embryos and the maternal uterus
during implantation, we developed the ExtraCellTalk tool (Figure
6A). We first integrated ligand-receptor interacting pairs in some
public databases, such as OmniPath (Türei et al., 2021),
ICELLNET (Noël et al., 2021), CellChat (Jin et al., 2021),
CEllCellInteractions (Ximerakis et al., 2019), and CellPhoneDB
(Efremova et al., 2020). The comprehensive database of a priori
ligand-receptor complexes formed the basis for subsequent
computational approaches. We categorized proteins in the
uterine lumen as ligands, considered receptor expression in
different cell types among embryonic trophoblasts or in the
endometrium, and used empirical shuffling to assess the cell-
type-specific significance of ligand-receptor pairs (see Methods).
Through cell membrane surface receptor-associated protein

Figure 5. Comparison analysis of uterine luminal fluid free proteins and extracellular vesicle encapsulated proteins. A, Venn diagram comparing free proteins in uterine luminal
fluid (ULF) and proteins encapsulated in extracellular vesicle (EV). B, Changes in ULF- and EV-source shared proteins on days 9 and 12 of pregnancy. C, Changes in ULF- and EV-
source unique proteins on days 9 and 12 of pregnancy. D, Cellular sublocalization analysis of proteins among three classes proteins, including proteins shared by ULF and EV,
proteins unique to EV, and proteins unique to ULF. E, Heatmap showing abundance changes between top 10 fractions of proteins with ULF and EV-specific cellular sublocalization
between days 9 and 12 of pregnancy. F, GO enrichment analysis among three classes of proteins. G, KEGG pathway analysis among three classes proteins. H, Hypothesized diverse
functional mechanisms of the two source proteins. (a) The proteins encapsulated in EVs directly fuses with cell membrane into cells and target cytoplasmic receptors to perform
biological functions. (b) ULF free proteins perform their biological functions by binding to cell surface receptors. D9, day 9 of pregnancy; D12, day 12 of pregnancy.
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Figure 6. Extracellular-cell communication networks in intrauterine crosstalk between embryos and maternal uterus during implantation using ExtraCellTalk. A, Statistical
framework for inferring specific extracellular ligand and celltype-receptor complexes from extracellular ligand protein abundance profile and single-cell transcriptomic data. The
prior knowledge of ligand-receptor interacting pairs integrated from public ligand-receptor interacting pair databases was incorporated into ExtraCellTalk. Communication score
(Slr) is calculated using the product of fold changes in ligand and receptor. Recipient cells are randomly relabeled to generate a statistical null distribution to predict P values for a
ligand–receptor complex using permutation tests (see Methods). B, Overview of the top 30 ligand-receptor interactions between uterine luminal free proteins and the
endometrium. Corrected FDR values are indicated by the circle size, and Slr between uterine cavity free protein and endometrial specific cell receptor are indicated by color.
Analysis of receptors is performed at the mRNA level but extrapolated to the protein abundance level. C, Overview of the top 30 ligand-receptor interactions between uterine
luminal free proteins and the embryo. D, Inferred communication patterns of embryo trophoblast-derived ligand signalling targeting specific endometrial cells via the uterine
luminal free proteins. The thickness of the flow indicates the contribution of specific cell populations to each potential ligand-receptor interacting pair. E, Inferred communication
patterns of endometrial-derived ligand signalling targeting specific embryo trophoblast cells via the uterine luminal free proteins.
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complexes, we predicted the molecular interactions between
uterine luminal fluid free proteins and trophoblast and endo-
metrial cell surface receptors (Figure 6B and C; Table S1 in
Supporting Information). Then, we expanded the corresponding
source predictions of uterine luminal fluid-free proteins, that is,
the ligand proteins acting on trophoblasts are hypothetically
derived from endometrial cells, while the ligand proteins that
want to function in the endometrium are considerately derived
from trophoblast cells, yielding a potential cellular communica-
tion network between peri-implantation embryos and the
maternal endometrium (Figure 6D and E; Table S2 in Supporting
Information). For extracellular vesicle-encapsulated proteins,
molecular interactions with intracellular receptors were pre-
dicted (Figure S11A, B and Table S3 in Supporting Information).
We also expanded the source of these extracellular vesicles,
generating a cellular communication network between peri-
implantation embryos and the mother that was mediated by
extracellular vesicles (Figure S11C, D and Table S4 in Supporting
Information).

RBP4/STRA6 pathway promotes the interaction between
endometrial stromal cells and other cells in intrauterine
maternal-foetal crosstalk

Of the aforementioned predicted communication networks, the
network with the highest communication score caught our
attention: RBP4 signalling from polar and mural trophoblasts
acts through uterine lumen binding to STRA6 on the surface of
endometrial type 1 stromal cells (Figure 6B and D). To validate
the identified RBP4/STRA6 pathway, we first confirmed the
expression of RBP4 in the trophoblast lineage and found that it
was almost all expressed in pTE or mTE subpopulations and
nearly absent in the udTE subpopulation (Figure 7A and B). This
resulted in little expression of RBP4 in trophoblasts on day 9 of
pregnancy but abundant expression on day 12 of pregnancy
(Figure 7C), which is consistent with the abovementioned
abundance changes of RBP4 in the uterine lumen (Figure 5B).
STRA6 is specifically expressed in endometrial stromal cells, and
its expression increases significantly with pregnancy develop-
ment only in type 1 stromal cells (Figure 7D–F), consistent with
the coexpression relationship of the ligand-receptor complex.
Previous studies have demonstrated the ligand-receptor binding
relationship between RBP4 and STRA6 (Chen et al., 2016). We
again used the latest AI tool AlphaFold2 to predict the binding
domain between RBP4 and STRA6 (Figure 7G). The interaction
relationship between RBP4 and STRA6 was revealed.
To explore the roles of the RBP4/STRA6 pathway during

implantation, we intend to inject anti-Stra6 antibody into the
uterus of mice to observe the result of blocking this pathway by
inhibiting the activity of Stra6 receptor. However, due to species
specificity, it is necessary to confirm whether the Rbp4/Stra6
pathway is conserved in mice. First, the amino acid sequence
homology of RBP4 and STRA6 proteins was compared in pigs
and mice, and their homology was relatively high (Figure 7H and
I). We used previously published data on mouse embryos
(Mohammed et al., 2017) and endometrium (Yang et al.,
2021) during implantation to investigate the expression of
Rbp4 in embryos and Stra6 in endometrium. To our delight, the
expression level of Rbp4 in mouse embryos during implantation
gradually increased with the progression of pregnancy, and Stra6
was also specifically expressed in mouse endometrial stromal

cells, with the expression level being higher in the receptive
endometrium (Figure S12A–G in Supporting Information). This
suggests that we could use mice as a model to study the roles of
the Rbp4/Stra6 pathway in intrauterine maternal-foetal cross-
talk. Therefore, we injected anti-Stra6 into the preimplantation
mouse uterus and found that after implantation at E6.5, the
number of implanted embryos in mice was significantly reduced
compared with that in controls (Figure 7J–L), which indicated
that the Stra6 receptor regulates the embryo implantation
process. Blocking Stra6 receptor activity in endometrial stromal
cells disrupts maternal-foetal crosstalk, leading to pregnancy
failure.
To characterize the underlying molecular mechanism of the

Rbp4/Stra6 pathway, we collected decidua from these mice and
first performed bulk transcriptome sequencing (Figure 7M). In
contrast to that in the DPBS-injected control group, decidual
changes were evident in anti-Stra6-injected mice (Figure 7N). In
our analysis of the bulk transcriptome of decidua tissue, we
identified a large number of significantly upregulated differen-
tially expressed genes (Figure 7O and P), such as Itih5, which
maintains extracellular matrix stabilization (Veeck et al., 2008),
andMmp7, which participates in the breakdown of extracellular
matrix (Rohani and Parks, 2015), suggesting corresponding
functional changes in stromal cells of decidua tissue following
inhibition of Stra6 receptor activity. Subsequently, we performed
GO enrichment and KEGG pathway analysis on these identified
differentially expressed genes (Figure 7Q). The results indicated
that the differentially expressed genes in decidua tissue might
induce the re-remodelling of decidua by participating in
biological processes related to stromal cells and blood vessels
through the interaction between the extracellular matrix and
receptors. Meanwhile, the interaction-induced altered second-
messenger-mediated signalling was functionally consistent with
the original goal of our experiment, which was to inhibit
downstream signalling by blocking Stra6 receptor activity. To
confirm whether there are actual interactions between stromal
cells and other cells during implantation, we additionally
performed single-cell transcriptome sequencing and the results
showed that a large number of cellular crosstalk exists between
stromal cells and other cells in mice decidua tissues (Figure 8A–
H). Interestingly, we found that the number of cellular crosstalk
in anti-Stra6-treated decidua was about double that of the
control group (Figure 8H), which may be caused by the re-
remodeling of decidua tissue. Analyzing differentially expressed
genes in decidual stromal cells after anti-Stra6 treatment, we
found that these genes were enriched in some metabolic
processes, extracellular matrix and structural organization
(Figure 8I and J), and were enriched in that genes dynamically
change in SC1 cells during pig embryo implantation (Figure S9J
and K in Supporting Information). These results revealed that
stromal cells are critical in endometrial remodeling (Bourdiec et
al., 2013). Collectively, during embryo implantation, Stra6
receptors on endometrial stromal cells may induce the interac-
tion between themselves and other endometrial cells by receiving
Rbp4 signals from the embryo to promote endometrial remodel-
ing, resulting in accepted embryo implantation.
In addition, we downloaded data on human blastocysts (Yang

et al., 2021) and associated endometrium (Wang et al., 2020)
from public databases for analysis. Notably, the expression level
of RBP4 in human blastocysts was not high, although it had a
tendency to gradually increase with pregnancy development
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Figure 7. Embryonic trophoblast-derived RBP4 targets endometrial type 1 stromal cell surface receptor STRA6 to promote the interaction between endometrial stromal cells and
other cells. A, The distribution of RBP4 expression in TE cells on tSNE. B, Violin plots showing the RBP4 expression levels in each TE subpopulation. C, tSNE representation of
RBP4 expression in embryonic TEs on days 9 and 12 of pregnancy. D, The distribution of STRA6 expression in endometrial cells on UMAP. E, Violin plots showing the STRA6
expression levels in each type of endometrial cells. F, UMAP representation of STRA6 expression in endometrial cells on days 9 and 12 of pregnancy. G, Predicted RBP4 and
STRA6 binding site models using AlphaFold2. The red part represents RBP4, and the blue part represents STRA6. H, Amino acid sequence alignment of mouse and pig RBP4
proteins. I, Amino acid sequence alignment of mouse and pig STRA6 proteins. J, Representative images of E6.5 embryo implantation sites after injection of anti-Stra6 (left) or
DPBS (right) into mouse uterine horns. White arrows indicate implanted mouse embryos. K, Comparison of the number of E6.5 embryo implantation sites after injecting anti-
Stra6 or DPBS into mouse uterine horns. Data are presented using mean±SEM (n=5), paired two-sided t test. **, P<0.01. L, Representative immunofluorescence costaining images
of Rbp4 and Stra6 in E6.5 mouse uterus. Scale bar, 20 μm. M–Q, Bulk transcriptome analysis of decidua tissue after injection of anti-Stra6 in mice uterus. M, Schematic showing
the isolation of decidual tissue from E6.5 mouse uterus. The myometrium and embryo were removed. N, Principal component analysis of mouse decidual tissue. O, Volcano plot of
differentially expressed genes. P, Heatmap of differentially expressed genes. Q, GO enrichment and KEGG pathway analysis of differentially expressed genes, showing the top 20
enriched terms for each category.

https://doi.org/10.1007/s11427-023-2557-x SCIENCE CHINA Life Sciences Vol.67 No.8, 1676–1696 August 2024 1687
 https://engine.scichina.com/doi/10.1007/s11427-023-2557-x

https://doi.org/10.1007/s11427-023-2557-x


Figure 8. Single-cell transcriptome analysis of decidua tissue after mice uterine injection with anti-Stra6. A, UMAP of cells coloured by associated cell types in mice decidua
tissue. B, B cells; DC, dendritic cells; EC, endothelial cells; Epi, epithelial cells; M, macrophages; Neutro, neutrophils; NK, natural killer cells; pDC, plasmacytoid dendritic cells;
PV, perivascular cells; SC, stromal cells; T, T cells. B, Correlation analysis of merged decidua cells compared with bulk transcriptomes. C, Dot plots showing the expressed and
coexpressed classical marker genes of each cell type. D, Top 5 enriched GO biological process terms of the most significant 50 decidua cells-specific genes. E, The distribution of
STRA6 expression in decidua cells on UMAP. F, Violin plots showing the STRA6 expression levels in each type of decidua cells. G, Circle plots showing the number of inferred
interactions between different type of decidua cells using CellChat. H, Heatmap showing the number of inferred interactions between different types of decidua cells using
CellChat in anti-Stra6 treated and control uterus. I, Volcano plot showing differentially expressed genes in anti-Stra6 treated and control decidual tissue SC cells. J, GO
enrichment and KEGG pathway analysis of differentially expressed genes in anti-Stra6 treated and control decidual tissue SC cells, showing the top 15 enriched terms for each
category.
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(Figure S12H–K in Supporting Information). This is likely
because the human embryos used for the study were not
developed in vivo but cultured in vitro. Similar to that in pigs or
mice, the STRA6 receptor is specifically expressed in human
endometrial stromal cells, with increased expression levels from
the proliferative to secretory phase (Figure S12L–O in Supporting
Information), implying that the RBP4/STRA6 pathway in
intrauterine maternal-foetal crosstalk may be conserved in
mammals.
Disorders of maternal-foetal crosstalk have profound implica-

tions for women’s health and reproductive outcomes. In the past
decade, research progress on these disorders has been limited,
partly because of the challenges of analysing the precise and
complex maternal-foetal crosstalk. In the present study, the
expression level of the conserved endometrial stromal cell
receptor STRA6 we identified was significantly lower in recurrent
pregnancy failure (Lai et al., 2022) and thin endometrial stromal
cells (Lv et al., 2022) than in normal endometrium (Figure
S13A–I in Supporting Information), suggesting that a disorder of
maternal-foetal crosstalk mediated by the RBP4/STRA6 pathway
could indeed lead to adverse pregnancy-related outcomes.
Together, our data suggest that the RBP4/STRA6 pathway

regulates the interaction of endometrial stromal cells with other
cells during pregnancy across species and that low-level
expression of the STRA6 receptor, which is specifically expressed
in endometrial stromal cells, contributes to the disruption of
maternal-foetal crosstalk. This could lead to pregnancy abnorm-
alities, including recurrent pregnancy failure and a thin
endometrium.

DISCUSSION

In this study, we comprehensively characterized the cellular
profiles of pig embryos and the corresponding endometrium at
two peri-implantation stages. By integrating the uterine luminal
fluid protein abundance profiles from our previous studies, we
revealed global crosstalk between embryos and the mother
during implantation through the developed tool ExtraCellTalk
using transcriptional differences in two-stage embryos and
endometrial cells, which helped improve our understanding of
embryo implantation. Through these analyses, we found that the
RBP4/STRA6 pathway may be essential during implantation.
Our study provides unique insights into maternal-foetal crosstalk
during implantation, which is critical for our fuller under-
standing of how maternal-foetal processes are coordinated
during pregnancy, and future studies may facilitate the develop-
ment of effective strategies to reduce pregnancy loss.
Due to experimental difficulties and technical limitations, most

previous studies on embryo implantation focused solely on
embryos or endometrium and only at the overall tissue level
(Hamatani et al., 2004; Smith et al., 2011). In fact, successful
pregnancy is a dynamic process that requires precise synchro-
nization and coordination between the embryo and the mother
to complete timely implantation of semi-allogeneic embryos (Ye
et al., 2005). To understand the molecular regulation of embryo
implantation more truthfully, a simultaneous study of the
embryo and the maternal uterus is needed. Moreover, due to the
complexity of endometrial tissue, it is also necessary to dissociate
the tissue to analyse heterogeneous cells (Suhorutshenko et al.,
2018). With advances in single-cell sequencing technology,
recent studies have revealed the interaction between the

extravillous trophoblast and decidua by sampling placental
tissue from the maternal-foetal interface (Vento-Tormo et al.,
2018) and human endometrial transformation by collecting
endometrial tissue across the menstrual cycle (Wang et al.,
2020). Unfortunately, these studies have not clearly elucidated
maternal-foetal crosstalk overall. Indeed, considering ethical
and other constraints, it is impractical to study this issue in
humans, and due to species differences, using a single animal
model may lose some vital information. Therefore, we chose
another excellent animal model pigs besides mice, collected
contemporaneous embryos and endometrial tissue to compre-
hensively characterize the dynamic crosstalk between embryos
and the maternal endometrium during implantation, and
conducted cross-species comparisons to provide a unique
perspective.
Since Vento-Tormo et al. (2018) developed CellPhoneDB to

predict the communication between different cells from single-
cell transcriptome data, a growing number of tools have been
developed using different algorithms for the prediction of cell
communication, such as CellChat (Jin et al., 2021) and NicheNet
(Browaeys et al., 2020). Unfortunately, these tools are all
designed to predict ligand-receptor signalling pathways between
different cells in adjacent tissues. For semi-allogeneic embryos, it
does not appear to be reliable to predict long-distance commu-
nication with the maternal endometrium by direct use of these
tools. Therefore, in this study, we considered introducing an
external variable as a predictive bridge for long-distance cellular
communication. Substances in the microenvironment of the
uterine lumen are believed to mediate maternal-foetal crosstalk
(Salamonsen et al., 2016). In view of the potential functional
mechanisms of different substances, we finally selected proteins
directly involved in biological functions as the bridge between the
embryo and the maternal uterus. On this basis, we developed a
novel tool, ExtraCellTalk, which predicts long-distance cell
communication by introducing uterine lumen proteins as
external variables through ligand-receptor complexes. However,
there are two different forms of proteins within the uterine
lumen, either free or encapsulated in extracellular vesicles. Cell
surface proteins and intracellular proteins are involved in many
different biological processes; thus, the tool provides appropriate
methods to make proper predictions. Through ExtraCellTalk, we
gained a comprehensive understanding of the crosstalk between
embryos and the mother during implantation in pigs, which is of
great reference value for an in-depth understanding of embryo
implantation. Furthermore, this form of free protein or extra-
cellular vesicles is ubiquitous in various biological processes
(Proctor, 2016; Robbins and Morelli, 2014), so the tool is further
suitable for predicting other diverse long-distance cellular
communications. Collectively, our findings provide a new
perspective for cell communication prediction that is not limited
only to proteins but has the possibility to lead to a better
understanding of cell communication mediated by other RNA
molecules in the future.
Among all uterine luminal protein-mediated maternal-foetal

crosstalk pathways, the RBP4/STRA6 pathway was singled out
for scrutiny because of its highest ExtraCellTalk score and
features conserved across species. Previous studies on the RBP4/
STRA6 pathway have focused mainly on the transportation of
retinol by the retinol-RBP4 complex and STRA6 receptor
recognition, and the subsequent activated STRA6-mediated cell
signal transduction (Gliniak et al., 2017; Huang et al., 2021;
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Noy, 2016). In diseases such as obesity, these signalling cascades
may regulate insulin resistance, and researchers suggest that this
pathway may represent a novel therapeutic target for the
treatment of metabolic diseases. Our study proved that the
pathway is also critical during embryo implantation and that
blocking the activity of the STRA6 receptor can lead to
endometrial re-remodelling and embryo loss. This may be partly
caused by the failure of the transformation of endometrial
stromal cells due to aberrant retinoic acid metabolism (Nakajima
et al., 2016). Meanwhile, it may also be because of the blockade
of STRA6 receptor-mediated cell signalling, resulting in the
absence of downstream signals and abnormal crosstalk between
stromal cells and other cells (Sidell et al., 2010). This ultimately
leads to failure of endometrial remodelling and pregnancy,
suggesting that STRA6 is a potential functional target for
contraceptives. Other identified pathways, such as trophoblast-
derived IFNG could target CDH1 on the surface of endometrial LE
cells to function (Figure 6D). Previous studies have found that pig
trophoblast-derived IFNG can modify tight junctions in the
maternal epithelium (Cencič et al., 2003). As a single-span
transmembrane glycoprotein, CDH1 is a member of the cadherin
superfamily of cell adhesion molecules that regulates the
structural development of epithelial differentiation and inter-
cellular adherens junctions (Reardon et al., 2012). This implies
that pig trophoblast-derived IFNG is likely to change maternal
epithelial cell tight junctions through the IFNG/CDH1 pathway.
In summary, we demonstrated that the pig model provides a
robust basis for exploring the crosstalk between embryos and the
mother during implantation.
Mismatched developmental timing between the fertilized

embryo and uterus prevents successful embryo implantation,
leading to pregnancy failure, whereas crosstalk between the
embryo and mother coordinates their synchronized development
(Chen et al., 2011). In this study, our pig model showed that
embryos undergo dynamic crosstalk with the mother’s uterus
during implantation. With the development of reproductive
medicine, although the success rate of in vitro fertilization and
embryo transfer has significantly improved compared with the
previous rates, the failure rate is still high (Carson and Kallen,
2021). The reason for this is most likely caused by the lack of
adequate crosstalk between embryo and the maternal endome-
trium. This needs to be further confirmed by follow-up studies to
make a great contribution to overcoming infertility. Additionally,
pregnancy failure in domestic animals, including pigs, sheep, and
cattle, also majority occurs during implantation (Rickard et al.,
2017; Wiltbank et al., 2016). Our identification of molecular
regulatory mechanisms that synchronize coordination between
the developing embryos and endometrium highlights the
establishment of communication between the trophoblast and
the endometrium during embryo implantation, which greatly
promotes the understanding of embryo implantation in livestock
animals and provides a valuable resource for further reducing
embryo loss rates.
In conclusion, this analysis systematically depicts the crosstalk

between embryos and the mother during implantation, providing
new insights into the regulation of embryo implantation, and
may help accelerate research to overcome reproductive difficul-
ties and further improve the success rate of assisted reproduction
in the future. Furthermore, we developed ExtraCellTalk and
provided a method for building intermediate molecular bridges to
reveal long-distance cellular communication, which will con-

tribute to a better understanding of biological development,
disease pathogenesis, and other important processes.

MATERIALS AND METHODS

Experimental models and biological samples

All animal experiments and procedures in this study were
approved by the Ethics Committee of the Laboratory Animal
Center of South China Agricultural University (permit number:
SYXK-2022-0136). The animals requiring slaughter were
humanely euthanized as necessary to relieve suffering.
Healthy and disease-free Yorkshire sows (parity 2) from

commercial farms were checked for oestrus twice daily and
artificially inseminated after oestrus with a standard dose of
single Yorkshire semen. The day of artificial insemination was
marked as day 0 of pregnancy. Six Yorkshire sows were
randomly divided into two groups. Sows were slaughtered on
days 9 (n=3) and 12 (n=3) of pregnancy, and the uterus was
immediately transported to the laboratory in an icebox. Pig
embryos on days 9 and 12 of pregnancy were collected from
bilateral uterine horns, while corresponding endometrial and
uterine section samples were collected from each uterine horn on
the anti-mesometrial side of the uterus. Uterine section samples
were subsequently fixed in 4% paraformaldehyde for 24 h,
embedded in paraffin, and sectioned for immunohistochemistry
and immunofluorescence. For embryos, a total of approximately
30 embryos from three sows per stage were pooled for tissue
dissociation and single-cell suspension preparation. For the
endometrium, the endometrial tissues collected from different
positions of the uterine horns of three sows were also mixed for
the preparation of single-cell suspension.
Specific pathogen-free (SPF) ICR mice were purchased from

Guangdong Medical Laboratory Animal Center (Guangzhou,
China). The mice were then used for timed mating, with the
morning of vaginal plug appearance recorded as E0.5. On E3.5,
each uterine horn of the female mice was slowly injected with
5 μL of 90 μg mL−1 anti-Stra6 (Proteintech, Wuhan, China) or
DPBS using a microsyringe (Hamilton, Germany). On E6.5, the
treated mice were sacrificed to count the number of implanted
embryos, and decidua samples from the embryos removed were
collected separately from the uterine horns on both sides of the
mice. Some were used to dissociate the tissue and obtain the
single-cell suspension, and the remainder were snap-frozen in
liquid nitrogen and stored at −80°C.

Tissue dissociation and single-cell suspension preparation

Samples were rinsed several times with DPBS, minced into small
pieces with scissors, and transferred to precooled EP tubes. For
embryos, the minced tissues were digested in prewarmed enzyme
cocktail I, which contains papain, dispase and DNase I, at 37°C
for 30 min. Endometrial and decidua tissues were digested in
enzyme cocktail II, including type II collagenase, type IV
collagenase, dispase and DNase I. The dissociatation reaction
was terminated with DMEM containing 10% foetal bovine serum
(FBS),and then, the cell suspension was passed through a 70-μm
sterile cell strainer and centrifuged at 500×g for 5 min at 4°C.
After the supernatant was removed, the pelleted cells were
suspended in red blood cell lysis buffer and incubated at room
temperature for 5 min to exclude remaining red blood cells.
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Finally, the cell pellets were washed twice and resuspended in
DPBS containing 0.04% bovine serum albumin (BSA) for further
single-cell RNA sequencing analysis.

Single-cell RNA-seq library generation and sequencing

The concentration of single-cell suspensions was adjusted to
approximately 1,000 cells/μL using DPBS containing 0.04%
BSA. Then, single-cell suspensions were loaded on a Chromium
Single Cell Controller (10X Genomics, USA) according to the
manufacturer’s instructions (Chromium Next GEM Single Cell 3′
Reagent Kit V3 User Guide). All subsequent steps were performed
following the standard manufacturer’s protocols. Purified
libraries were analysed by the Illumina NovaSeq 6000 platform
using a paired-end 150-bp sequencing strategy and aiming for
25,000 paired reads per cell.

Pre-processing single-cell RNA-seq data

The 10X Genomics scRNA-seq data were processed to quantify
gene counts using the Cell Ranger pipeline (v.6.1.2) with default
parameters. First, binary base call (BCL) files generated by the
NovaSeq 6000 sequencing system were converted to standard
FASTQ files using the mkfastq function in Cell Ranger. The pig
reference genome and gene annotation files (Sscrofa11.1) were
downloaded from the Ensembl website (http://asia.ensembl.org/
index.html) and indexed using the mkref function. Mouse
reference genome and gene annotation files were obtained
directly from the 10X Genomics website. Subsequently, cell
number and gene counts in the library were determined using
the count function. Further downstream analyses were per-
formed in the R package Seurat (v.4.0.5) (Butler et al., 2018).

Quality control of single-cell RNA-seq data

Stringent quality filter criteria were achieved to filter out low-
quality cells based on four metrics: the number of detected genes,
unique molecular identifier (UMI) counts, percentage of mito-
chondrial gene expression, and genes per UMI across cells.
Specifically, cells expressing at least 200 genes and having a
mitochondrial gene count of less than 20% were used for follow-
up analysis. Only genes expressed by more than three cells were
kept for subsequent analyses.

Dimension reduction and unsupervised clustering

Highly variable genes (HVGs) were calculated by the SelectInte-
grationFeatures function in Seurat, using the parameter
nfeature=5,000. Subsequently, the SCTransform function (Ha-
femeister and Satija, 2019) was used to integrate datasets of
different stage samples with default parameters. Following PCA,
a UMAP was generated by the RunUMAP function using 40
dimensions, which reveals the principal axes of variation.
Different tissue samples were clustered unsupervisedly using
the FindClusters function with an appropriate resolution that
captured most of the biological variance without oversplitting the
data. The type of individual cells was determined based on well-
known classical cell-specific markers. Differences between
identified cell types at different stages were assessed using the
Pearson correlation coefficient.

Signature score calculation

To assess the status of four lineages identified in pig embryos, we
calculated lineage scores per single cell using lineage-specific
genes in pig embryos previously identified in published data (Zhi
et al., 2022). Average overexpression of lineage signatures was
calculated using the AddModuleScore function and then normal-
ized between 0-100 to assess the lineage score for each cell. The
“ggtern” package (v.3.3.5) was used to visualize and transform
the three-dimensional axis into two dimensions. Furthermore,
polar, mural and stemness signature scores for all TE cells were
also calculated using the AddModuleScore function.

Transcription factor regulon analysis

The analysis of transcription factor regulons in TE cell subsets
was performed using pySCENIC (v.0.12.0) (Van de Sande et al.,
2020). Loom file output by pySCENIC was analysed by the
ScopeLoomR R package (v.0.13.0), and active regulons were
then identified based on the output area under the recovery curve
(AUC) values and AUC thresholds.

Endometrial stromal and immune cell score calculation

To verify the accuracy of the 13 endometrial cell clusters
identified, we used an ESTIMATE algorithm (v.1.0.13) (Yoshi-
hara et al., 2013) to separately assess the stromal and immune
scores for different cell clusters. As expected, the corresponding
types of cells exhibited stromal or immune states. This further
validates the rationality of the endometrial cell clusters we
identified.

Differentially expressed gene identification

Genes that were specifically expressed between diverse cell types
were identified with the FindAllMarkers function, using a MAST
test with the parameters “logfc.threshold=0.5, min.pct=0.25,
only.pos=TRUE”. The top genes were used as signature genes
and visualized using ComplexHeatmap (v.2.10.0).

GO enrichment and KEGG pathway analysis

The GO enrichment and KEGG pathway analysis of genes were
implemented by the R package clusterProfiler (v.4.2.1) (Wu et
al., 2021), and the top enriched GO terms and KEGG pathways
were visualized by ggplot2.

Differentiation trajectory inference

RNA velocity analysis
Loom files of spliced and unspliced expression matrices were
generated using the Python program velocyto (v.0.17.17) with
default parameters (La Manno et al., 2018). The pig low-
complexity and repetitive regions were downloaded from the
UCSC Browser (http://genome.ucsc.edu/, on 14 March 2022).
The object was then filtered to exclude cells previously removed
during quality control. Following filtration, RNA velocity was
computed by scVelo (v.0.2.4) with the parameters “min_shar-
ed_counts=20, n_top_genes=2000, n_pcs=30, n_neigh-
bors=30, mode=deterministic” (Bergen et al., 2020). The
embedding used was UMAP obtained in the previous section.
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Pseudotime construction
TheMonocle2 algorithm (v.2.22.0) (Qiu et al., 2017) was used to
construct the pseudotime trajectory on selected cell populations.
The eigengenes calculated by the differentialGeneTest function (q
value<0.01) were selected as ordering genes to sort cells into
pseudotime order. A discriminative dimensionality reduction
with trees (DDRtree) method was used to reduce dimensionality
using the reduceDimension function with the parameter
“max_components=2”. Cell developmental trajectories were
subsequently inferred using default parameters.

CytoTRACE analysis
We used the R package CytoTRACE (v.0.3.3) (Gulati et al., 2020)
to identify differences in transcriptional diversity during cell
differentiation, thereby calculating CytoTRACE scores for each
cell to predict the differentiation state. CytoTRACE scores range
from 0 to 1, with higher scores generally indicating higher
stemness (less differentiation), the results of which could
complement the trajectory inference of Monocle2.

CellChat analysis

To gain a comprehensive understanding of cell-cell communica-
tion, CellChat (v.1.15.0) (Jin et al., 2021) was used to infer the
crosstalk between each cell type in tissues.

Comparative integrative analysis of single-cell RNA-seq
data

Because EPI in the early embryos of different species is relatively
conserved, we intend to analyse the consistency of early embryo
stages across species using EPI data. First, for pigs, the EPI data of
early pig embryos from Zhi et al. (2022) and Liu et al. (2021a)
were extracted and integrated with our EPI data. We used co-
expressed genes from all three datasets as anchors, followed by
using the removeBatchEffect function in limma (v.3.50.1)
(Smyth, 2005) to remove batch effects between different datasets.
The Pearson correlation coefficient was finally used to measure
the consistency between our data and those previously published
by others. For mice and humans, the EPI data of early mouse
embryos from Mohammed et al. (2017) and early human
embryos from Zhou et al. (2019) were also extracted and
integrated in the same way, and the Pearson correlation
coefficients were calculated to assess the consistency of early
embryo stages across species. Note that the common gene symbol
was used to determine the co-expressed genes in different
datasets.
In the analysis of the RBP4/STRA6 pathway during maternal-

foetal crosstalk, the determination of RBP4 expression levels in
mouse and human embryos was also derived from the above-
mentioned studies by Mohammed et al. and Zhou et al. The
expression of STRA6 in mouse and human endometrium was
derived from the single-cell transcriptome data of mouse early
pregnancy endometrium by Yang et al. (2021) and human
menstrual cycle endometrium by Wang et al. (2020), respec-
tively. Using the study by Lai et al. (2022) on recurrent
pregnancy failure, we analysed STRA6 expression levels in the
endometrium of normal pregnancy versus recurrent pregnancy
failure. The significance of the differential expression of STRA6 in
the endometrial stromal cells of normal pregnancy versus
recurrent pregnancy failure was assessed by unpaired two-sided

Wilcoxon test. Similarly, we analysed STRA6 expression levels in
normal versus thin endometrium using single-cell RNA-seq from
Lv et al. (2022).

Bulk RNA sequencing and analysis

Total RNA of mouse decidua tissues was extracted using TRIzol
reagent (Invitrogen, USA), and sequencing libraries were
prepared using the NEBNext Ultra RNA Library Prep Kit for
Illumina (New England BioLabs, USA) according to the
manufacturer’s instructions, followed by sequencing on a
NovaSeq 6000 platform to generate 150-bp paired-end sequen-
cing reads.
The raw reads obtained by sequencing were trimmed to obtain

high-quality clean reads by removing adapter sequences, reads
with unknown bases, and low-quality reads. These clean reads
were aligned to the mouse reference genome (GRCm39) using
HISAT2 (v.2.0.5) (Mortazavi et al., 2008), and the matched
reads were used to assemble transcripts using StringTie
(v.1.3.3b) (Pertea et al., 2015). Finally, the count of each gene
was quantified using featureCounts (v1.5.0-p3) (Liao et al.,
2014). Based on the gene length, we normalized the quantita-
tively obtained gene count to the TPM value for subsequent
analysis. Differential expression analysis of genes between the
experimental and control groups was performed using the
DESeq2 R package (v.1.34.0) (Love et al., 2014), and significant
differential genes were determined by FDR values (P value
adjusted by the Benjamini-Hochberg method (Benjamini and
Hochberg, 1995)) <0.05 and |log2(FoldChange)|>2. GO en-
richment and KEGG pathway analysis of differentially expressed
genes were also implemented by clusterProfiler.

Single-cell and bulk RNA-seq data integration analysis

To integrate the pig peri-implantation embryos and endome-
trium sample single-cell datasets in this study with our previously
published embryo bulk data (Zang et al., 2021) and the
endometrial bulk datasets published by Wang et al. (2016), we
performed the following procedures. Raw counts of all cell types
in each sample were aggregated as a pseudobulk sample, and the
counts per million (CPM) values were then calculated to
normalize the library size. For bulk RNA-seq datasets, transcripts
per million (TPM) values were used to normalize the gene length
and sequencing library size. Subsequently, the removeBatch-
Effect function in limma (v.3.50.1) (Smyth, 2005) was used to
remove batch effects between libraries. We used Spearman
correlation coefficients to measure the correlation between
single-cell and bulk RNA-seq datasets, and the correlation
coefficients were visualized using pheatmap (v.1.0.12). The same
procedure was used for the integration of mouse decidua tissue.

Comparative analysis of uterine luminal proteins

Uterine luminal free protein and extracellular vesicle encapsu-
lated protein abundance data on days 9 and 12 of pregnancy
were derived from our previously published studies (He et al.,
2022; Hong et al., 2023). Proteins were classified according to
whether they belonged to uterine luminal free protein or
extracellular vesicle encapsulated protein categories. Subcellular
localization analysis of classified proteins was performed using
DeepLoc (v.2.0, https://services.healthtech.dtu.dk/service.php?
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DeepLoc-2.0) (Thumuluri et al., 2022). GO enrichment and
KEGG pathway analyses of the proteins were also performed
using clusterProfiler as described above. The biological structure
of the RBP4/STRA6 complex was predicted by AlphaFold2
(https://github.com/lucidrains/alphafold2).

ExtraCellTalk

To systematically analyse the crosstalk between embryo and the
maternal uterus during implantation, we developed ExtraCell-
Talk, a tool for predicting long-distance cell communication
mediated by extracellular proteins as intermediate bridges. The
tool is based on the prediction of protein ligands, receptors and
their interactions, similar to other previously released prediction
tools for cell communication, but extracellular proteins are
introduced as intermediate bridges for prediction.
First, we integrated previously released ligands, receptors, and

interaction pairs from public databases to obtain more compre-
hensive annotation information to form ExtraCellTalk’s prior
knowledge repository, including OmniPath (Türei et al., 2021),
CellTalkDB (Shao et al., 2021), NATMI (Hou et al., 2020),
CellChat (Jin et al., 2021), SingleCellSignalR (Cabello-Aguilar et
al., 2020), ICELLNET (Noël et al., 2021), NicheNet (Browaeys et
al., 2020), iTalk (Wang et al., 2019), CellPnoneDB (Efremova et
al., 2020), CellCellInteractions (Ximerakis et al., 2019), IUPHAR
(Pawson et al., 2014), and several other ligand-receptor pairs
included in published articles (Choi et al., 2015; Pavličev et al.,
2017; Qiao et al., 2014; Ramilowski et al., 2015). We removed
the redundant ligand-receptor interaction pairs, and some
complex ligand and receptor complexes were included.
Extracellular proteins were considered interacting ligands.

Considering the existing forms of extracellular proteins, the free
proteins in this tool were intended to interact with the membrane
receptors expressed by the recipient cells, while the proteins
encapsulated in extracellular vesicles directly entered the
recipient cells and targeted cytoplasmic receptors to influence
downstream functions. The membrane and cytoplasmic protein
receptors were annotated as previously described (Vento-Tormo
et al., 2018). Plasma membrane proteins were downloaded from
UniProt using KW-1003 (cell membrane). Peripheral proteins
from the plasma membrane were annotated using the UniProt
keyword SL-9903, and the remaining proteins were considered
transmembrane proteins of extracellular signalling receptors.
Cytoplasmic proteins that act as intracellular signalling receptors
were downloaded from UniProt using KW-0964 (cytoplasm).
Based on the abundance data of extracellular ligand proteins

and the single-cell transcriptome data of recipient cells, Extra-
CellTalk calculated the communication scores (Slr) of enriched
ligand-receptor pairs in each recipient cell type. Given a recipient
cell type i and a pair of ligand-receptor interactions in which the
ligand was denoted as l and the receptor was denoted as r, we
denoted FCl as the abundance fold change of ligand protein l and
FC r

i as the expression fold change of receptor gene r in cell type i
of the experimental group. Then, the communication score Slr
was calculated as follows:

S = FC *FC .lr l r
i

The communication score was calculated for all recipient cell
types and for each ligand-receptor interaction pair. To identify
specific interactions between ligand and recipient cells, we only

considered receptors expressed in more than 25% of the cells in
the particular recipient cluster. Users are allowed to change the
ratio of receptors expressed in cell clusters. To assess statistical
significance, we randomly shuffled the cluster labels of all
recipient cells by default 1,000 times and applied the same
method to calculate the shuffled communication score. Users are
allowed to change the times of cluster label shuffling. Each
ligand-receptor pair for each receptor cell type generated a
statistical null distribution, followed by a permutation test to
obtain a P value for the likelihood of cell-type specificity of a given
ligand-receptor complex, and the FDR values were obtained by
correcting P values using the Benjamini-Hochberg method
(Benjamini and Hochberg, 1995). For ligands and receptors of
multisubunit complexes, we required that at least half of the
subunits of the complex are expressed. Finally, given the
potential cellular origin of the ligand proteins, we calculated
the communication score in the same way and obtained a
complete network of long-distance cellular communication
mediated by extracellular proteins.

Immunohistochemistry

Four micrometre-thick sections from 4% paraformaldehyde-fixed
and paraffin-embedded endometrial tissues were dewaxed and
hydrated, and endogenous peroxides were quenched with 3%
H2O2. Subsequently, sections were blocked with 5% BSA (Sigma-
Aldrich, USA) and incubated with primary antibodies overnight
at 4°C. The primary antibody was replaced with an equal
concentration of mouse or rabbit IgG as a negative control. After
incubation with the secondary antibody, sections were counter-
stained with haematoxylin (Thermo Fisher Scientific, Shanghai,
China). A Nikon microscope 80i with a DS-Fi1 digital camera
(Nikon, Japan) was used for visualization. The antibodies used in
this study are listed in Table S5 in Supporting Information.

Immunofluorescence

Embryos were fixed with 4% paraformaldehyde for 30 min at
room temperature, permeabilized with 0.5% Triton X-100
(Sigma-Aldrich) in DPBS for 30 min, and blocked by using
blocking buffer (3% BSA + 0.1% Tween 20 (Sigma-Aldrich) in
DPBS) for 4 h at 4°C. Primary antibodies diluted in blocking
buffer were applied to embryos and incubated overnight at 4°C,
followed by incubation with diluted fluorescently-conjugated
secondary antibodies for 2 h at room temperature in the dark.
After labelling, embryos were counterstained with a solution of
phalloidin (Thermo Fisher Scientific) and 4′,6-diamidino-2-
phenylindole (DAPI, Thermo Fisher Scientific) for 30 min at
room temperature. Images were taken using an LSM710 laser
confocal scanning microscope (Zeiss, Germany). The antibody
information and dilutions used in this study are provided in Table
S5 in Supporting Information.
For endometrial tissue staining, sections were dewaxed,

hydrated, and quenched for endogenous peroxides as described
above for immunohistochemistry. Then, sections were blocked
with 3% BSA for 30 min at room temperature and incubated
with the primary antibody overnight at 4°C followed by the
corresponding secondary antibody for 1 h at room temperature.
After the first primary antibody incubation was completed, the
primary and secondary antibodies that had been bound to the
tissue were removed using Tris-EDTA antigen retrieval buffer
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(Servicebio, Wuhan, China), and the second primary antibody
was incubated in the same manner. Finally, the nuclei were
counterstained with DAPI, and the sections were observed under
a microscope.

Data availability

The raw scRNA-seq data of pig embryo and endometrium
samples generated in this study are available in the GEO database
under accession number GSE222544. The mouse decidua bulk
RNA sequencing data used in this study for comparison, are
publicly available in the SRA database under accession number
PRJNA921903. All other relevant data supporting the key
findings of this study are available within the article and its
Supplementary Information files. Source data are provided with
this paper.

Code availability

ExtraCellTalk is publicly available as a Python program. Source
code, as well as tutorials have been deposited in the GitHub
repository (https://github.com/xupeng-zang/ExtraCellTalk).
Custom scripts for processing and analysing data are available
from the corresponding authors upon reasonable request.
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